"We also know that when students aren't allowed to walk away from their education, more of them walk the stage to get their diploma. So tonight, I call on every State to require that all students stay in high school until they graduate or turn eighteen."
Introduction
Minimum Dropout Age (MDA) laws have been touted as effective public policies to bring delinquents off the streets and into classrooms. 1 Studying educational outcomes, the literature has shown that increases in compulsory schooling increase educational attainment rates and decrease dropout rates. For example, Schmidt (1996) and Goldin and Katz (2003) analyze the efficacy of MDA laws on the growth of high school attendance for the early 20 th century.
They both find that requiring students to attend an additional year of school increases overall educational attainment by approximately 5 percent (see Lleras-Muney (2002) for similar results). Oreopoulos (2009) has shown that more restrictive laws reduce dropout rates, increase college enrollment, and improve career outcomes. Research by Denison (1985) finds that improvements in human capital explain 28 percent of the per capita growth residual between 1925 and 1982.
The bulk of this increase in human capital is attributed to the growth of high school attendance.
The compulsory schooling literature has also shown that compelling juveniles to remain in school have long-term effects. Angrist and Krueger (1991) and Acemoglu and Angrist (2001) both find that for students compelled to stay in school one year longer, U.S. adults earnings rise by approximately 10 percent. Oreopoulos (2007) estimates average lifetime wealth increases by 15 percent for an additional year of schooling caused by MDA laws. He also finds that students who are forced into additional schooling are less likely to report poor health, being depressed, looking for work, being in a low-skilled manual occupation, and being unemployed. Similarly, Acemoglu and Angrist (2001) find that education has a causal effect of lowering mortality using compulsory schooling laws as instruments. Interestingly, Black, Devereux, and Salvanes (2008) 1 In this paper we focus on one statute of compulsory schooling laws (CSLs), the minimum dropout age (MDA). CSLs are set at the state level and cover a variety of aspects of education. For example, there are legal provisions specifying the maximum age at which a child is legally compelled to begin school, the minimum age at which a child may leave school, the average length of the school term (in days), and the circumstances under which a child is exempt from attending school. In addition, state level child labor legislation may influence school enrollment and attendance of teenagers by setting a floor on the age they are legally employable (Edwards (1978) ). 1 find that increases in compulsory schooling decreases the rate of teenage childbearing.
In addition, the compulsory schooling literature has also shown that crime rates and criminal activity decrease. Lochner and Moretti (2004) find that increasing compulsory schooling significantly reduces the probability of incarceration. They attribute these reductions to a decrease in the rates of murders, assaults, and motor vehicle thefts. Using a different empirical methodology, Anderson (2011) finds similar decreases in juvenile crime rates. He suggests that his results are consistent with an incapacitation effect, school attendance decreases the time available for criminal activity.
While the literature has shown compulsory schooling laws have positive effects, surprisingly, there are no studies on whether there are negative effects, such as increases in in-school crime. 2 Indirectly, Jacob and Lefgren (2003) and Luallen (2006) study whether rates of crime change when school is in-session. Using teacher in-service days, Jacob and Lefgren (2003) find that the level of property crime committed by juveniles decreases by 14 percent on days when school is in-session, but that the level of violent crime increases by 28 percent on such days. They attribute the increase in crime to a concentration effect. Using teacher strike days, Luallen (2006) finds similar results. While these papers do shed some light on whether juvenile crime rates change when school is in-session, the composition of students is held fixed in both studies. That is, these papers study a fixed population of students that have all chosen to remain in school voluntarily, and are now forced out of school due to school administrators' decisions. To the best of our knowledge, no study has investigated changes in in-school crime rates due to changes in the composition of students from compulsory schooling mandates forcing dropouts back into the public school system.
Aside from the fixed student composition, the juvenile crime rates explored in the existing literature suffer from measurement error. The error is caused by school administrators not reporting to law enforcement all crimes committed in-school. Overall, 41.3% of crimes are not reported to law enforcement, and there is substantial variation in reporting by the type of crimes being committed (author's calculations). For example, 32.1% of in-school drug crimes, including distribution, possession, and usage, are not reported to law enforcement; 40.1% of in-school violent crimes are not reported to law enforcement, while 59.1% of all attacks and threats without a weapon are not reported to law enforcement (author's calculations). This underreporting is due to school administrators choosing to not involve law enforcement when a crime is committed, rather than the crime going unnoticed by school administrators. This suggests that juvenile crime rates using youth arrest rates contain substantial measurement error when measuring total crime. Thus, the effects identified in the literature may partially be due to school administrators choosing to report some crimes more than others to law enforcement.
The purpose of this paper is to investigate the effects of MDA laws on in-school crime rates.
This study focuses on the rate of crime incidences reported to school administrators, and not just those reported to law enforcement. 3 We secure identification through exogenous statelevel changes in MDA laws from 2003 through 2010, a statute of compulsory schooling laws.
Using rates of in-school crime reported to school administrators, a difference-in-difference (DD) estimator uncovers the effects of changes in MDAs. Robustness checks test against potential endogeneity between crime and in-school crime resources. The effects are further studied across demographic groups. Lastly, we study whether changes in MDAs effect schools' allocations of in-school crime resources and rates of utilization of in-school punishment.
An overview of the results are as follows. First, an increase in the MDA of 18 significantly increases in-school crime. Specifically, attacks without a weapon, threats without a weapon, and drug incidences. An increase in the MDA of 17 does not to have any effect on in-school crime.
We also find that the results are robust across various alternative specifications and demographic groups. 4 Lastly, we find that changes in MDA do not have an effect on measures of in-school crime prevention resources, a positive effect on the utilization of student suspensions, and a negative effect on the utilization of expulsions.
The paper is organized as follows. Section 2 introduces the data and describes variables used in the study. Section 3 describes the empirical strategy. Section 4 presents the main results of the effect of MDA laws on in-school crime and presents results from alternative specifications and control groups. Section 4 also provides results from robustness across demographics. Section 5 presents results from in-school crime prevention resources and punishment administrated by school administrators. Section 6 concludes.
Data
To examine the effect of MDA laws on in-school crime, we exploit variation in crime rates with school-level data. The school crime data and characteristics are provided by the restricted-access versions (2003-04, 2005-06, 2007-08, and 2009-10) of the School Survey on Crime and Safety (SSOCS) survey conducted by the National Center for Education Statistics (NCES). The SSOCS is a school-level, bi-annual survey regarding school violence and pays particular attention to the frequency of varying types of in-school crime and delinquency. Collectively, these rounds of surveys construct a repeated cross-section of schools. The final data set consists of roughly 3,130 school-level observations from U.S. public high schools. 5 The dataset includes the number of 4 The use of alternative control groups are also explored and found to be consistent with the main results. 5 The number of observations are rounded to the nearest 10's place per restricted-use data license. 4 in-school crime incidences as well as school and student body characteristics. 6 York has a MDA of 17. However, New York's MDA depends on the size of the city's population, 17 for cities greater than 4,500 in population and 16 for cities less than 4,500 in population. The MDA data for this analysis has been verified for every state for the entire sampling period. Where discrepancies occurred, the MDA mandate by state legislation supersedes NCES's MDA data. Table 2 shows that a MDA of 16 is most prevalent in the sample period (41% of the schools), followed by a MDA of 18 (39% of all schools), and MDA of 17 (20% of 6 The in-school crime data are fully described in Table A1 . 7 The full sample weights provided with the restricted-access data files take into account three components. First, a base weight defined as the reciprocal of the probability of selecting a school for the sample is constructed. Second, the weight is adjusted to correct for non-responses. Finally, a post-stratification adjustment is applied based on the Public School Universe File of the 1998-1999 Common Core of Data. all schools). A MDA of 16 becomes less prevalent throughout the sample, which indicates that the national MDA average is increasing. Schools from the five states that change their MDA total 330 school-level observations. 8 This makes the treatment groups approximately 10.5% of the total sample.
There are six types of crimes examined: attacks without a weapon, threats without a weapon, illegal drugs, property, violent, and total in-school crimes. Illegal drugs include usage, distribution, and possession. Property crimes are an aggregate of thefts and vandalisms. Violent crimes are an aggregate of rape, sexual battery, attack with a weapon, threat with a weapon, possession of a firearm, robbery, robbery with a weapon, and possession of a knife. For each crime aggregate, we construct incidence rates by dividing the total number of incidences rates in a particular aggregate by total enrollment per 1,000, i.e., crime rate = in-school crime/(total enrollment/1000). We then adjust the incidence rates for varying survey dates and length of school year. Thus, differences in incidence rates do not reflect difference in survey response date or the length of school year.
Summary statistics for the six crime aggregates are provided on Table 2 . On average, 51.0 incidences per 1,000 students occurred each year over the sample period. The three most prevalent in-school incidences are attacks without a weapon and property crimes, approximately 19 incidences per 1,000 students each year, and threats without a weapon, 13.9 incidences per 1,000 students per school year. The least prevalent incidences are illegal drugs and violent crimes, with 6.2 and 4.3 incidences per 1,000 students per year, respectively. Table 2 The SSOCS also provides a rich set of student body and school characteristics. The descriptive statistics of all characteristics used in regressions are listed in Table 3 for the sample period by whether the school is in a state that changes its MDA. The average student enrollment is 1,072 students and remains stable across the sample period. The most populated school in the sample contains 5,090 students and the lowest populated school contains 100 students. 9,10 The average student-to-teacher ratio is 13.9 students per teacher. The maximum student-to-teacher ratio is 39 students per teacher, and the minimum is 4 students per teacher. The SSOCS data also contains several in-school crime prevention resources, e.g., random dog sniffs, random sweeps, mandatory uniforms, and whether security cameras are present. 11 On average, 63% of schools practice random dog sniffs and 27% of schools practice random sweeps. The average number of schools that have random sweeps decreases over the sample. Only 0.5% of schools require students to wear uniforms.
The numbers of security guards and in-school police officers are also included in the SSOCS data. As displayed in Table 3 , security guards are the most prevalent in high schools with an average of 0.83 guards per 1,000 students. Police officers are divided into two subcategories: regular officers and resources officers. 12 Resource officers are the least prevalent security in pubic high schools with an average rate of 0.6 officers per 1,000 students compared to 0.11 regular officers per 1,000 students.
Lastly, the SSOCS provides student body characteristics. The analysis includes the percent 9 An enrollment floor of 100 students per school is implemented. 10 All maximums are truncated to the fourth largest as per data license restriction. 11 Random dog sniffs are used to check for drugs. Random sweeps are used to check for contraband including drugs and weapons.
12 Resource officers include all career law enforcement officers with arrest authority who have specialized training and are assigned to work in collaboration with school organizations. of student body that is eligible for free lunch (to control for the affluence of the school), that is male, that is below the 15 th percentile on standardized tests, that are of a minority race. 13 The average percentage of students eligible for free lunch across the sample is 37.8% (see Table 3 ).
In the sample, 41 schools or 1.3% of the sample have 100% of students eligible for free lunch, and 19 schools or 0.6% of the sample have 0% eligible. The average percent of student body that is male is 49.1%, and as expected, does not change across the sample period. The average percentage of students below the 15 th percentile on standardized tests is 13.9%. The percent of students below the 15 th percentile on standardized tests has a slight decreasing trend between 2003 and 2009. 27% of the student body is a minority race.
We augment the SSOCS by including neighborhood characteristics surrounding each school.
Using the FBI's Uniform Crime Reports, we estimate the street crime rate as the number of offense per 1,000 persons reported at the county level for those that are over 18 years of age.
The variable is linked to the SSOCS data by county-level identifiers for each school. The street crime rates provide some understanding of the amount of crime surrounding each school, but not necessarily where students live. The average street crime surrounding each school is 53.5 arrests per 1,000 persons per year. The study also contains urbanization indicators for whether each school is located in a city, rural or, urban area. 19% of schools in the sample are located in cities, 32% are located in urban areas, and 49% are located in rural areas or towns.
Empirical Specification
Given that MDA laws bring dropouts off the streets and into schools, it is expected that in-school 13 The percent of student body of a minority race is calculated as: 100 -percent of student body that is of the majority race. 8 crime may increase if the juveniles are delinquent and criminal activity is not incapactiated.
The effect of changes in MDA on various school outcomes is studied using a difference-indifference (DD) empirical model. The DD estimator measures the difference in an outcome variable between public high school students in states with a MDA of 16 to high school students in states with a MDA of 17 or 18, and the difference between the two over time.
The distribution of in-school crime incidences have a heavy right skew with large outliers and many schools reporting zero crimes. This is typical of count data. Preliminary regressions show that using the number of crime incidences per 1,000 students per school year as the dependent variable violate the normality assumption. Q-normal plots indicate that the normality assumption is not satisfied (available from authors upon request). When the error term is not normally distributed, the t distributions can be a poor approximation of the distribution of the t statistic, causing biased t-tests. The normality assumption holds in the limit if and only if there is no heteroskedasticity present in the model. A Breusch-Pagan test for heteroskedasticity rejects the null hypothesis of homoskedasticity for all crime rates. We resolve this issue by transforming the crime rates using a two-parameter Box-Cox transformation.
The two-parameter Box-Cox transformation contains an intercept shifter and a power shifter.
The Box-Cox transformation specification is:
where Crime j ist is the Box-Cox transformed number of crime incidences per 1,000 students per school year for school i, in state s, at time t, Crime j ist is the number of crime incidences per 1,000 students per school year being transformed, C j is a scale shift parameter, and λ j is the power shift parameter for the j th crime rate. A benefit of the Box-Cox transformation with a scale shift is that it accommodates zero valued observations, whereas a log transformation does not. We provide the parameter values in Table 4 for all six crime types. All of the parameter estimates are significantly different from zero at 1%. Thus, a log transformation is not suitable for this particular data. One notable difference between the Box-Cox transformed crime rates and the non-transformed crime rates is that the average number of incidences per 1,000 students is significantly lower. The Box-Cox transformed incidences rates approximate a normal distribution and the Brusch-Pagan test for heteroskedasticity fails to reject homoskedasticity for all crime types.
Using the Box-Cox transformed crime rates, the DD specification is:
where MDA17 st and MDA18 st are indicators for the state-level MDA laws, X ist is a vector of school characteristics discussed in the previous section (see Table 3 Given that the Box-Cox transformed crime rates are significantly smaller, this implies that the coefficient estimates are lower bounds, and the magnitudes of effect may be larger than reported in this paper. However, the relative magnitudes of effect can be computed precisely if the coefficient estimates are compared to Box-Cox transformed average incidence rates.
One weakness of the DD model is the potential for the standard errors to be biased due to serial correlation of the policy variables over time within a state. To account for this, the standard errors are clustered at the state level (see Bertrand, Duflo, and Mullainathan (2004) ). Robustness checks are also conducted using multiple control groups and subsamples of states by MDA laws.
The model is also used to estimate the effect of MDA laws across various socioeconomic groups, in-school crime prevention resources, and utilization rates of school punishment policies.
The Effect of MDA laws on In-School Crime
Prior to conducting regression analysis, a visual analysis of crimes rates over time between states that change their MDA and those that do not is provided in Figure 1 . This graphic separately displays the demeaned changes in crime incidences across the sample period for the states that change their MDA and for all other states. The subgraphs for the states that change their MDA also contain a vertical line to represent the year the state changed their MDA. As shown in the figure, crime incidences increase immediately when MDA increases in four out of five states.
The exception, Nevada, displays a downward trend throughout the entire sample period. It is also interesting to note that the increase in crime is short-lived in the two states (Illinois and Colorado) that increase their MDA to 17, while crime is more persistent in states that increase their MDA to 18 (Indiana and Nebraska). The non-change states display an overall decline in the crime rate across the sample period, with a slight uptick during the 2005-06 school year.
To understand the effect of changes in MDA laws on in-school crime, the empirical results are built-up using four regressions with increasing controls. The results of these four estimations are presented in 18 is similar to that of the fully-specified model, a difference of only 0.077 incidences per year.
The empirical analysis also studies the effect of changes in MDA laws on various crime aggregates as well. Table 7 displays the regression results for the crime aggregates: attacks without a weapon, threats without a weapon, illegal drugs, property, and violent. Given that the main effects are only significant for an increase in MDA to 18, we only focus our analysis on this particular group (but do report an increase to 17 in the table). The results indicate that as the percent of students eligible for free lunch increase, attacks without a weapon, threats without a weapon, and violent crime increase. As student enrollment increases, the number of threats without a weapon increase, illegal drugs, and violent crimes increase. These results are consistent with a concentration effect studied in the literature (see Jacob and Lefgren (2003) and Luallen (2006) ). The analysis also finds that the presence of a security guard is not correlated with crime while resource officers are positively correlated with higher crime. Studying drug crime prevention resources on illegal drug crimes, the results find a positive and significant coefficient on random drug sniffs, and no effect of random sweeps. All of the above results are consistent with the literature and economic intuition.
The results in The consistently significant effect of an increase in MDA to 18 on crime incidences and the lack of significance when the MDA is increased to 17 may be due to the difference in sentencing lengths once juveniles are considered adults at age 18, i.e., individual crime near the age of criminal majority may change for those on the margin of committing a crime. Thus, one interpretation of the increase in crime incidences from an increase to MDA of 18 is that dropouts are now committing their last hurrah crimes in schools instead of on streets before turning 18 and being tried as adults. This interpretation is consistent with Lee and McCrary (2009) who exploit the discontinuous increase in the punitiveness of criminal sanctions at 18 to estimate the deterrence effect of incarceration and empirically estimate a 2 percent decline in the 14 log-odds of offending at 18.
Robustness of Results Across Demographics
The results presented in the previous section provide inferences for the average marginal effect of MDA laws on in-school crime for public high schools across the United States over the last decade. These effects may be heterogeneous and depend on demographics of the schools in question. Thus, it is useful to estimate the effects of MDA laws across various subgroups. We focus on two consistently significant demographics: the socioeconomic status of the students as measured by the percent of students eligible for school lunch and the size of the school as measured by enrollment levels. Socioeconomic status is an important demograph and is typically analyzed in the majority of economics of education literature. School enrollment is also an important consideration when analyzing in-school crime for a few reasons. First, more students increase the likelihood of interactions that lead to conflict. Second, schools with high enrollment may be harder to monitor. Third, high enrollment lead to more opportunities for delinquents to negatively influence good students. Finally, schools with high enrollment are generally associated with more diversity among students and staff. To study these groups empirically, we extend the baseline DD estimator with interaction terms for quartiles of either the percent eligible for free lunch or school enrollment. The general specifications is as follows:
where R ist is either the percent eligible for free lunch or school enrollment for school i, in state s, at time t. Q m ist is an indicator to whether R ist is in quartile m of R for m = {1, 2, 3}. The coefficients of interest are β 1 , β 2 , and β 4 through β 9 . These capture the effect of the treatment on the treated. The interaction terms measure the marginal effect of the MDA laws of 17 and 18 on the specific quartile of the group, relative to the control group, i.e., against high school in states with no change in MDA in the subgroup quartile. The coefficients of interest are expected to be either positive or negative and significant if MDA laws affect the relevant subgroups differentially from the 4 th quartile of the group (the baseline comparison subgroup). Table 9 presents the estimation results and indicate that an increase in the MDA to 18 significantly increases in-school crime in all four income quartiles identically. The table also provides the results of the enrollment quartile estimates. These estimates show that an increase in the MDA to 18 significantly increases in-school crime across the enrollment quartiles, and in particular, the second, third, and fourth quartiles of enrollment. There is no significant effect of a MDA of 18 on the first enrollment quartile schools (the smallest 25% of schools).
The descriptive statistics show downward trends in crime with increasing enrollment. The DD model controlling for school demographics, street crime, and crime prevention resources indicate that crime increases with higher enrollment levels. This is consistent with economic intuition, as enrollment increases, there are more interactions between students, and this increases the likelihood that altercations will occur (see Gaviria and Raphael (2001) ).
In-school Crime Resources and Utilization of In-School Punishment
In this section we study whether schools foresee crime increasing in their schools from an increase in the MDA and allocate additional in-school resources to crime prevention. 14 To conduct this analysis, we estimate Eq. (2) with rates of in-school crime prevention resources on the left hand side and empirically test whether changes in MDA laws have an effect. The results of this estimation are presented in Table 10 . The results show that an increase in the MDA to 18
does not increase any of the crime prevention resources. In fact, the results indicate a reduction in the number of resource officers per 1,000 students. We suspect that crime prevention resources do not increase significantly due to the lumpiness of these resources. That is, a few additional students per 1,000 students per school is not sufficient to add an additional police officer in every school (nor are these additional students large enough in number to reduce most crime prevention resource per 1,000 students). Thus, when dropout students are compelled to attend public school, it is too costly for schools to increase these resources above and beyond what they would normally require on a per 1,000 students basis.
Even though school administrators do not increase in-school crime prevention resources when the MDA increases, they may change their utilization rates of in-school punishment.
There are two potential effects on utilization rates. First, school administrators may respond to an increase in the number of delinquents by increasing the rate of expulsions and transfers, and decreasing the rate of suspensions to safeguard education production. That is, they may switch to more zero-tolerance policies and punish students to the fullest extent possible. Second, school administrators may respond by proactively retaining more dropouts by decreasing the rates of expulsions and transfers, and increasing the rate of suspensions to punish offenders. This response would demonstrate more tolerance towards dropouts as schools attempt to rehabilitate delinquents back into the school system. To understand whether changes in MDA laws have an effect on in-school punishment utilization rates and the direction, we estimate Eq. (2) with rates of suspensions, expulsions, and transfers to specialized schools per 1,000 students per school year on the left hand side, respectively. Table 2 show descriptive statistics for these three inschool punishments. The average number of student suspensions is 17.6 per 1,000 students per year, the average number of expulsions is 2.5 per 1,000 students per year, and the average number of student transfers is 10.3 per 1,000 students per year. Suspensions, expulsions, and transfers all have decreasing trends over the sample period.
The results of the effect of MDA laws on suspensions, expulsions, and transfers are presented in Table 11 . Interestingly, the results indicate that an increase in the MDA to 18 increases suspensions by 4.8 per 1,000 students per year, decreases expulsions by 1.9 per 1,000 students per year, and has no effect on transfers. These correspond with a 34.4% increase in suspensions and a 35.8% decrease in expulsions in states that increase their MDA to 18. These findings suggest that school administrators reinforce lawmakers efforts by retaining more students in-18 school and keeping them off the streets. 15
Conclusion
The empirical findings estimated in this paper add valuable information to the debate about the effect of MDA laws. The previous literature has estimated the positive effects of changes in MDA laws and have failed to account for negative effects, such as changes in rates of inschool crime. This paper investigates the implications of changes in state-level MDA laws on in-school crime rates, in-school crime prevention resources, and school administered punishment utilization rates. The first investigation estimates the effect of an increase in MDA laws on inschool crime and the results suggest that an increase in the MDA to 18 increases in-school crime by 6.2% in states that change their MDA relative to those that do not. The results are robust across alternative control groups. Studying crime incidences by type, the results indicate that attacks without a weapon, threats without a weapon, and drug incidences significantly increase by 12.2%, 36.3%, and 43.4%, respectively, by a increase in MDA to 18, but property and violent crimes do not increase. However, the results do not find systematic evidence that an increase in MDA to 17 effects any rate of in-school crime. These results are consistent with a last hurrah effect when juveniles increase crimes prior to turning age 18. We also find that an increase in MDA does not change in-school crime prevention resources. Last, the results provide evidence that schools change their utilization of school administered in-school punishment versus out-ofschool punishment with a decrease in expulsions and an increase in suspensions. Thus, school administrators fortify state policymakers efforts to keep juveniles in-school and off of streets.
The literature has shown that in-school crime profoundly affects education production. For example, Grogger (1997) finds that moderate levels of violence reduce the likelihood of high school graduation by 5.1 percentage points and lower the likelihood that a student will attend college by 6.9 percentage points. Similarly, Bowen and Bowen (1999) find that neighborhood and school danger both contributed significantly to the prediction of each school outcome, especially attendance and behavior. 16 Walker and McGarvey (2010) investigate the effect of inschool crime on student achievement in Georgia and their preliminary results show that in-school crime is associated with lower pass rates. Studying why teachers exit the teaching profession, Gilpin (2011) finds that new teachers threatened by a student increases their probability of exiting the teaching profession by 8 percentage points. Studying peer influence, Gaviria and Raphael (2001) use a sample of tenth-graders and finds that the propensity to engage in drug use, alcohol drinking, cigarette smoking, church going, and dropping out of high school increase due to peergroup effects at the school-level. These papers make clear that increasing the MDA will have negative affects on students, teachers, and schools.
While there are additional costs born by educators and students alike, as discussed in the introduction, there are also additional societal benefits of forcing delinquent students back into schools. One benefit not discussed in the MDA literature is the compounding effects of reducing juvenile crime. Cohen (1998) estimates the potential benefits of saving high-risk youths based on the lifetime costs associated with the typical career criminal, drug abuser, and high-school dropout. Using a 2 percent discount rate, external costs of a typical career criminal are estimated to be $1.8 -$2.0 million, a heavy drug user to be $500,000 -$1.3 million, and a high school dropout to be $330,000 -$530,000. Disregarding individuals who are both heavy drug users and career criminals, the monetary value of saving a high-risk youth is $2.3 to $3.2 million. 17
Furthermore, Bernburg and Krohn (2003) using labeling theory empirically find that official intervention in youth has a significant, positive effect on crime in early adulthood, and this effect is partly mediated by educational achievement and employment. Thus, the type of penalty delinquents receive, such as in-school suspension versus entering the juvenile justice system, may also have a profound long-term impacts on the delinquent youth.
While we know that when students aren't allowed to walk away from their education more of them walk the stage to get their diploma, they also cause negative effects on students and educators alike. Thus, state policymakers must consider both the positive and negative effects when choosing to increase their state's MDA to eighteen.
17 Costs are inflated to today's dollars. Asterisks *, **, *** indicate significance at the 10%, 5%, and 1% statistical levels, respectively. Table 3 . Asterisks *, **, *** indicate significance at the 10%, 5%, and 1% statistical levels, respectively. a Coefficients are marginal effects estimated using a probit limited probability model. Asterisks *, **, *** indicate significance at the 10%, 5%, and 1% statistical levels, respectively. Asterisks *, **, *** indicate significance at the 10%, 5%, and 1% statistical levels, respectively. The number of student transfers to specialized schools for disciplinary reasons c SSOCS a Per 1,000 students. b Total number of crime incidents brought to the attention of school administrators. c Weapon -any instrument or object used with the intent to threaten, injure, or kill. This includes look-alikes if they are used to threaten others. d Specialized school -a school that is specifically designed for students who were referred for disciplinary reasons. 
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